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kernel_model.fit_mle(np.zeros(total_vars),
method="L-BFGS-B",
PMLE="RIDGE",
PMLE_lambda=4)
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Multinomial Logit Model Regression Results

Dep. Variable: choice  No. Observations: 317
Model: Multinomial Logit Model Df Residuals: -3
Method: MLE Df Model: 320
Date: Fri, 18 Oct 2019 Pseudo R-squ.: 0.355

Time: 10:55:14 Pseudo R-bar-squ.: -0.373

AlC: 1,207.096 Log-Likelihood: -283.548

BIC: 2,409.945 LL-Null: -439.455
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Precision, recall and F-Score

kernel_model.precision_recall_fscore(K_test,
"micro”,
beta = 1)
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custom_id mode_id choice cost time

0 1.0 1.0 1.0 4.873487 37.044117
1 1.0 2.0 0.0 1.686348 39.771005
2 1.0 3.0 0.0 2.035669 39.923409
3 1.0 4.0 0.0 2.211683 39.504507

# Ejemplo: VOT de 30 minutos de viaje

VOT = -30 * pkl.calculate_WTP_kernel(WTP_cost_column = 'cost’,
WTP_x_column = 'time’,

)

. $38
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Random Utility Model (RUM) Kernel Logistic Regression (KLR)
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